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Video Frame
Interpolation

Kernel-based

Deformable

AdaConv(2]

SepConv|[3]

Backward
Warping

Flow-based The others

PhaseNet[6]

SuperSlomol[4] SoftSplat(8] &

CAIN[10]
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DVF[1]
/
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h (7 : convolution layer : average pooling layer

-« 1 skip connection (7] : bilinear upsampling layer
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linear splatting 4
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