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Method Type
MPJPE PA-MPJPE MPJPE PA-MPJPE MPVPE
SPIN [3] MB 411 96.9 59.2 116.4
VIBE [4] MB 65.6 41.4 82.9 51.9 99.1
MAED [5] MB 56.4 38.7 79.1 457 92.6
PyMAF [6] MB 57.7 40.5 92.8 58.9 110.1
PARE [7] MB 74.5 46.5 88.6
ROMP [8] MB 76.7 47.3 93.4
BEV[9] MB 78.5 46.9 92.3
GCMR[10] MF 50.1 70.2
METRO [11] MF 54.0 36.7 771 47.9 88.2
Graphorm. [12] MF 51.2 34.5 74.7 45.6 87.7
FastMETRO [13] MF 52.2 33.7 73.5 44.6 84.1
PointHMR [14] MF 48.3 32.9 73.9 44.9 85.5
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