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(a) Pedestrian Detection

(b) Person Re-identification

<2l 1> A2t HM 7= Tfo|Z2Fl (Zheng et. al., 2017)
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<8l 2> Diffusion 22l 7|t Z4%| EFX| (Chen et al., 2023)
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Lookup Table

Circular Queue

. M 7|s s
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5 Detection

Frame t +

Instance Association

<J8 6> X7t 8t S 285t 7|4 0jA] (Dou et. al., 2023)
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