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Abstract

The growth of the exhibition industry is rapidly growing due to the development of artificial intelligence. In particular, the
development of interactive content based on communication and collaboration with the audience has been diverse. The "Historical
Figure Photo Experience Hall," which features historical figures and their eras, uses deepfake technology to create sophisticated
facial composites that have piqued audience interest and encouraged repeat visits. This study introduces the content development
process and exhibition results using open source in a small company developing exhibition content. For the open-source tool,
faceswap-GAN provided by GitHub was utilized. The “Historical Figure Photo Experience” content allows participants to
experience sitting next to Ahn Jung-geun. Participants can own the resulting photo taken with him, and it will also be displayed
on a large monitor for the exhibition. By introducing the digital exhibition content development process, we hope that quality
improvement methods through the use of artificial intelligence-based open source will be practically applied to the exhibition
industry.
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Table 1. Digital exhibition content development process
| Step ‘ Content Design i Content Creation i Content Maintenance
Soft elements of exhibition Solving problems after developing
space: Analysis and selection Environment settings for digital digital content,
of the most popular content content development (SW/HW) Remote-based latest specification
displayed in the exhibition hall SW update
Relationship: Exhibits and Relationship: people and places
People (number of visits and size)
Hard elements of exhibition Determma.t fon of S upport.lng
. . technologies for interaction For future upgrades
space: wall, ceiling, floor . . . . .
" . implementation (rider, sensor, Logging data collection for data
condition analysis .
camera recognition, etc.)
Relationship: Exhibits and Relationship: Exhibits and
Places People
Exhibition organization & Exhibition organization &
Host content development company
content development company content development company
devglop .y 2~3 M Varies dependlpg on contract
period period
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Fig. 2. ‘Portrait Photography Experience’ application exhibition drawing
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Fig. 5. ‘Portrait Photo Experience’ system configuration diagram
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Table 2. Comparison of the performance of the first and second versions of ‘Portrait Photography Experience’
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develop period 3 Months 4 Weeks
Content stabilization period 3 Weeks 1 Week (customizing)
Development SW Unity python (Utilizing open source)

Maintenance and updates
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(remote control)

Experiencer waiting time
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graphics card)

2 sec. (Using CPU only)

Experience Satisfaction 49% 95%
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