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Abstract

This paper presents a parameter recommendation system for temporal and spatial synchronization between motion capture
equipment and camera. The proposed system employs a two-step process. First, the motion capture data (3D) and camera data
(2D) are projected onto the image to generate the respective joint point data (keypoints) in 2D form. Second, the PDJ evaluation
matrix is used to recommend the frame range where the joint points are similar. The recommended frame represents the frame
difference between the two devices. It is anticipated that this system will facilitate the labeling of the joint points required for
pose estimation.

Keyword : Pose Estimation, Camera Intrinsic/Extrinsic parameters, Motion Capture, Sensor Synchronization
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Table 1. Redefinition of keypoints of Motion capture and Alphapose

Index Alphapose Motion Capture
0 LShoulder LeftShoulder
1 RShoulder RightShoulder
2 LElbow LeftArm
3 RElbow RightArm
4 LWrist LeftForeArm
5 RWrist RightForeArm
6 LHip LeftUpLeg
7 RHip RightUpLeg
8 LKnee LeftLeg
9 Rknee RightLeg

10 Head Head

1 Neck Neck

12 Hip Hips

13 LBigToe LeftFoot_end
14 RBigToe RightFoot_end
15 LHeel LeftFoot

16 RHeel RightFoot
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Fig. 5. Time and space axis synchronization results. The top right outputs only the joint points in Table 1, and the bottom right

outputs all joint points of motion capture
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